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Abstract  This paper proposes an approach to recognize human activities, which is based on
tracking trajectories of local spatio-temporal feature points. To make up for the temporal informa-
tion loss of local features, this paper uses the KLLT feature tracker to track each spatial-temporal local
feature and treats the tracked feature trajectory snippets as the basic processing and describing
unit. Compared with local spatio-temporal feature, it can capture the motion information of an
action pattern in a longer time scale and better describe the dynamic characteristics and transitions of
motion. As to the relationship modeling among feature trajectory snippets, we believe that there
exist some stable feature distribution patterns in an action video clip, which lie in the interconnec-
tion of position and velocity between local features, so we propose the relative position relation
and relative velocity relation descriptors to capture this kind of relation. Experimental results on
the UT-Interaction dataset are provided to demonstrate the effectiveness and robustness of our

approach.
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Background

Recognizing human actions is one of the hot spot issues
of computer vision, which receives increasing attention due to
its wide range application. Due to background clutter. occlusion,
camera motion and illumination condition changes, there still
remain some open issues in action recognition, and one of the
most important issues is action representation. Many methods
have been proposed in the last decades. The methods can be
divided into four categories. First kind is static features such
as shape, Second kind
features such as STIP, Cuboid. Third kind is the optical

texture, and silhouette. is local
flow. Fourth kind is the middle level features such as various
descriptions.

In this paper, we propose to use trajectories of local
spatio-temporal feature points to recognize human activities.

Compared with local spatio-temporal feature, it can capture

the motion information of an action pattern in a longer time
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scale and better describe the dynamic characteristics and
transitions of motion.
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